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Starck, Murtagh, Fadili, Sparse Image and Signal

Processing: Wavelets, Curvelets, Morphological
Diversity, Cambridge Univ.Press, 2010.

|. Yamada,The hybrid steepest descent method for the
variational inequality problem over the intersection of
fixed point sets of nonexpansive mappings, Studies in
Computational Mathematics, vol.8, pp.473-504, 2001.
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Gandy & Yamada,“Convex Optimization Techniques for the Efficient Recovery of a
Sparsely Corrupted Low-rank Matrix,” J. Math-for-Industry, 2010.

Principal Component Pursuit (PCP)
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See, e.g. [Candes et al '09]
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Silvia Gandy and Isao Yamada, “Convex Optimization Techniques for the
Efficient Recovery of a Sparsely Corrupted Low-rank Matrix,”
Journal of Math-for-Industry, 2010.
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